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variable. Although it has been a while since we discussed measures of central tendency and measures of vari-
ability (Chapter 4), realize that such simple information helps readers understand the nature of the sample used 
and, hence, the population being studied.

Correlation matrix: visual display of correlation coefficients.

Appearing after the means and standard deviations, we have five more columns. The numerical headings for 
the columns correspond to the number and associated variable in each row. Thus, the column with a “1” is the 
variable of loneliness. As we move down that column, we see the correlation coefficients between loneliness and 
each of the other variables in the matrix. For example, the correlation between loneliness and Facebook intensity 
was .11. Notice that in the matrix, there are no “+” signs. When reporting correlations, researchers typically do 
not include a “+” to indicate a positive correlation as we have here. They do, though, use a “–” sign to indicate a 
negative correlation, as you can see in the relationship between marijuana use and Facebook intensity.

Notice that for the variable of loneliness, there is a “(.70)” that appears at the intersection of the first row and 
the first numbered column. We discussed in Chapter 2 the notion of internal reliability, which is how consistent 
scores are on a single measurement instrument that is administered one time. In its simplest terms, we can 
correlate scores on each half of the individual items on a measurement tool. Of course, there are often many 
ways to divide the items on a measurement in half (e.g., odds and evens and first half and last half). Therefore, 
we can find a mean correlation from the correlations between all possible halves of the test. Doing so provides 
a common indicator of internal reliability called Cronbach’s alpha. For variables of anxiousness, the internal 
reliability is .86. Internal reliabilities are often reported in a matrix this way, and I want to be sure you under-
stand what you are seeing when you come across them. As we said earlier in this chapter, a reliability of +.70 
or stronger is considered to be acceptable. Internal reliabilities are of no importance to the conceptual nature 
of the research, but of course, researchers want to be sure their measures are reliable. With the help of SPSS, 
internal reliabilities for our measures are simple to generate. This chapter contains an addendum that shows 
you how to generate and interpret a Cronbach’s alpha using SPSS.

Cronbach’s alpha: measure of internal reliability; it is the mean correlation of all correlations between different possible 
halves of a measurement tool.

Finally, you will see some correlation coefficients with one or more asterisks (*) after them. Take a look 
at the bottom of the table. These asterisks are used to indicate which correlations are statistically significant. 
If there is no asterisk next to a correlation coefficient, it means that correlation was not statistically signifi-
cant. So in the case of the relationship between loneliness and Facebook intensity, the correlation of .11, 
although in the direction hypothesized (a positive correlation), was not statistically significant. Thus, Clayton 
et al. (2013) failed to reject the null hypothesis for this relationship.

In addition to presenting many correlations using a correlation matrix, sometimes you will see correlations 
reported in the text of a research article. Here is how to report correlations in the text by using the result Clayton 
et al. (2013) found between alcohol use and Facebook intensity:

There was a positive correlation between alcohol use and Facebook intensity, r(227) = .16, p < .05.

The number in parentheses, 227, is the degrees of freedom for this analysis. It was calculated by taking the 
sample size, which was 229, and subtracting 2.


